Dangerous Patterns with Al

Across large, complex organizations, I've seen the same pattern repeat:

Highly capable systems are deployed with confidence—often celebrated as
transformational—yet quietly fail to deliver value once real users interact with them.
Adoption falters, workarounds emerge, and leaders are left confused about why “good
technology” didn't stick.

Before Al, this failure was costly. With Al, it becomes risky.

Al systems don’t just fail silently—they influence decisions, shape behavior, and project
confidence even when uncertainty is high.

The Misdiagnosis That Keeps Repeating

When adoption fails, organizations usually blame:

e Userresistance
e Lack of training
e Poor change management

But in every environment I've worked in, the root cause has been the same:
The system was designed without a clear model of how humans would think with it.
Al makes this gap impossible to ignore.

The Failure Modes That Matter Most

These failure modes existed before Al—but Al amplifies each one.

Cognitive Overload at the Point of Judgment

Users are given powerful outputs without guidance on interpretation. Faced with
complexity, they either disengage or default to the system’s suggestion.

Neither outcome is safe.
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Confidence Without Context

Fluent outputs feel authoritative. When confidence is not explicitly signaled or bounded,
users over-trust the system or reject it entirely.

Both responses undermine responsible use.

Invisible Decision Logic

When users can’t tell why a recommendation exists, they can’t assess its appropriateness.

Opacity erodes trust faster in Al systems than in traditional tools.

No Clear “Where do I start” or “What Should I Do Next?”

“Ask me anything” approach is too vague and frankly, intimidating. For non-creatives, non-
visionaries, the use cases aren’t as obvious as it might seem. Most people can provide
feedback on a design, but much fewer can draw it from scratch. This is why traditional
software sells so much better with templates and examples. They also run users through
example scenarios in training.

Outputs often stop at information. They don’t guide:

e Verification
e Escalation
¢ Human judgment

This leaves users guessing—and guessing is where risk enters.

Silent Learning Loops

When users correct or override Al behavior and nothing visibly changes, the system trains
people not to engage thoughtfully.

Adoption decays quietly.

Why AI Makes These Failures Harder to Recover From

Al introduces characteristics that traditional systems did not:

Automation bias — users defer too readily

Hidden uncertainty — probabilistic outputs appear deterministic
False precision — clarity of language implies correctness

Scale of influence — small errors propagate quickly

Without intentional design, Al systems unintentionally train users into unsafe habits.
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Reframing the Problem: Adoption Is a Safety Issue

Adoption is often treated as a downstream concern—something solved with training,
documentation, or rollout communications.

In Al systems, this framing is insufficient.
If users do not understand:

e When to trust the system
e When to slow down
e When to intervene

Then adoption failure becomes a safety failure.

Design Moves That Change Outcomes

Across systems that are adopted responsibly, [ consistently see the same design decisions.

Mental Model Alignment

The system reflects how users already reason about their work. Al augments judgment
instead of replacing it.

Progressive Autonomy

Capability increases as confidence and context increase. The system earns trust
incrementally.

Explicit Trust Calibration

Users can see:

e Confidence levels
e Sources and rationale
e Signals of uncertainty

Trust is designed, not assumed.

Action-Oriented Outputs

Every output answers:

e What happened
e Why it happened
e What to do next

Information alone is not sufficient.
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Visible Learning

Corrections and overrides visibly shape future behavior. Users see that engagement
matters.

What Teams Get Wrong—Repeatedly

From experience, teams often:

e Treatadoption as communication, not interaction design
e Add features instead of clarity

e Measure usage instead of behavior quality

e Separate safety, policy, and usability into silos

Al systems are far less forgiving of these mistakes.

How I Would Design for Al Adoption First

If designing an Al-enabled system from the ground up, [ would prioritize:

Interaction models before interfaces
Decision clarity before optimization
Human override before automation
Guardrails as affordances, not restrictions
Learning loops before scale

Only after these are stable does Ul polish or feature depth matter.

The Insight That Matters Most

Adoption fails when systems expect humans to adapt to them.
Adoption succeeds when systems are designed around how humans:

Think
Doubt
Verify
Learn
Decide

Al raises the stakes, but the rule is unchanged...if users can’t tell when an Al system is
confident, uncertain, or wrong, they won’t trust it—or they’ll trust it too much.

Both outcomes are dangerous.

Shana Nussbaum | © 2026Lean Edge Consulting, LLC



Why This Matters Now

As Al capability accelerates, the primary risk is no longer underuse.
[t is misuse at scale.

Designing for adoption is not a nice-to-have. It is a prerequisite for effectiveness, trust, and
safety.

This case study is not about a single product or implementation.
It is about recognizing and designing around the human failure modes that Al exposes.

That is where real leverage—and real responsibility—Ilives.
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